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make a prediction. The cross-validated performance for the new models reached up

to 81% sensitivity and 79% negative predictivity. These new models covering a wide

range of cardiac endpoints will provide a fast, reliable, and comprehensive ’
predictions of potential cardiotoxic compounds in drug discovery and regulatory m
safety assessment. .n.

statistics are not directly comparable. 2VA_CA indicates ventricular arrhythmia and cardiac arrest.

« Newly constructed models show good sensitivity and negative predictivity (Table 2). « These new models will provide a fast and more effective evaluation of
» Negative predictivity and sensitivity (highlighted) are critical parameters for safety assessment of drug products. potential drug candidates.
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data - Leadscope Enterprise v3.9.2-1 » Figure 3 shows good performance based on ROC of up to 0.736 (TdP) for the new QSAR models.
«  MultiCASE CASE Ultra v1.8.1.6. « Figure 4 shows selected alert feature and training set structures behind this alert in the Heart Failure model.




	Slide Number 1



